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Abstract

The risk of potential fires in closed systems like warehouses is excruciatingly high. Moreover, the
lack of workers actively present in the vicinity ensures the need of an automated system that
could detect and prevent fire outrages. The currently installed fire alarm systems in warehouses
have a wide margin of error. Most warehouses cannot monitor heat and temperature 24/7 and
neither can a business afford a long-term staff just for the fire hazard. Hence, to prevent any
major losses this system will be installed. The real-time data collected on the hardware nodes
will be processed to derive the root cause of the fire. This will be depicted in the shape of the 5
classes of fire: Class A, B, C, D, or K. Each class has a distinguishing feature depending on the
material that is subject to the fire. This classification of fire is done through a trained
convolutional neural network. This, along with the amount of smoke spread, will be displayed on
a user-friendly web application, with alerts about the fire. This is how early detection of fire will
prevent major damages from occurring.
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Chapter 1 Introduction

Fire hazards have been known to cause severe damages to infrastructure. According to NFPA
U.S. fire departments responded to an estimated average of 1,450 structure fires in warehouse
properties per year, $283 million in direct property damage, two civilian deaths, and 16 civilian
injuries[1]. With the passage of time, these numbers have a low chance of reducing, hence, early
detection of fire in real time is proposed as a solution.

Motivation

The motivation behind this project was to cater to the fire incidents that occur in our country on a
daily basis. We aim to build a system that is inexpensive and provides robust fire detection and
prevention, such that owners are easily able to afford it, thus saving a lot of lives from being at
risk every second. Our mission is also to detect the fire at its earliest stage, so that appropriate
actions can be taken readily and there is less wastage of the resources.

1.1 Problem statement

“Design an automated system for the detection and classification of fire
using a deep learning algorithm "

The proposed system is designed to detect fire at its earliest stage, using real-time monitoring of
data. With the detection of fire, it is also classified to derive the reason behind the fire: the type of
fire. This classification is done with the help of feature extraction of 5 types of fires that
distinguish from each other, depending on the material it is caught on.

1.2 Literature review

Review of deep learning: concepts, CNN architectures, challenges, applications, future
directions

This paper talks about the deep learning neural network. It goes through the background and the
reasons why deep learning is an efficient approach. It also highlights the types of neural networks
and the basic principles of their working. We connected this paper with our project by learning
about the types of classification of data and the challenges faced while observing and executing
deep learning algorithms. [2]
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Exploring the Internet of Things with AWS IoT Core — Part I: Overview, Provisioning
Single and Bulk Nodes

This blog talks about the entirety of setting up the infrastructure of I0T. It elaborates upon a core
concept being used in our project which is sending the data and values gathered through a sensor
to the cloud to store them. The basics of initiating an AWS Project are briefed in this article,
which assisted us in using Amazon IoT Core and developing “things” for our hardware devices.
Furthermore adding queries and proceeding steps was also discussed in this blog. [3]

1.4 Report Outline

This report is further divided into multiple chapters as listed below.

In Chapter 2, the proposed solution is discussed in detail. It includes details of the block diagram,
a Flow chart of the process, and interfacing of the sensors with the processing module.

Chapter 3 discusses the results acquired by testing the device on multiple subjects in order to
improve the device's accuracy. It further discusses the conclusions drawn from the obtained
results and the recommendations/future work that is proposed for further enhancements
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Chapter 2 Solution Design & Implementation
This chapter discusses the complete design and implementation of the proposed device. Section
2.1 discusses the block diagram and module specifications. The details of the flowchart are
presented in section 2.2. Section 2.3 discusses in detail all of the software configurations done for
the project and finally, the hardware implementation is presented in Section 2.4.

2.1 Block Diagram
Figure 2.1 shows the complete block diagram of the project.

Smoke [ Smoke |

i i+ Readings Sensor
Node 2 o l b
Live F otagem( ‘ 7B Web App End User
Smoks '_§ﬁia{§ el
Readi ng; Sensor :

]

Ld

®
Node n

: ;

Live Faotage—p.mq ..... :
Smoke " Smoke |
Readings _ Sensor |

Figure 2.1: Block diagram of the project
Following are the details of the hardware used for the scope of this project.

ESP32 CAM:

An FTDI programmer refers to a programming device or module that utilizes an FTDI (Future
Technology Devices International) USB-to-serial converter chip to facilitate programming and
communication between a computer and another device. FTDI programmers are commonly used
in the field of embedded systems and electronics for programming microcontrollers, configuring
devices, and debugging.

10
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FTDI Programmer:

An FTDI programmer refers to a programming device or module that utilizes an FTDI (Future

Technology Devices International) USB-to-serial converter chip to facilitate programming and

communication between a computer and another device. FTDI programmers are commonly used

in the field of embedded systems and electronics for programming microcontrollers, configuring

devices, and debugging.

MQ?2 Sensor:

An MQ?2 sensor is a smoke sensor that detects the presence of various gasses in the vicinity it is
placed. It has 4 pins; their names and functions are mentioned below.

Pins Functionality

Vee To provide power supply to the sensor
module

Gnd For common ground between the sensor and
MCU

DO A digital pin for a boolean indication of
presence of smoke

A0 An analog pin to determine the amount of
smoke in the surroundings

Figure 2.2a MQ-2 Sensor

Table 2.1: MQ-2 Pin Configurations

We didn’t use the digital pin since we just needed to send the concentration of smoke in the
surrounding and our requirement was fulfilled by using the analog pin only.

11
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ESP32:

ESP32 is a RISC based microcontroller that
either uses the Tensilica Xtensa or LX7
microprocessor. It is well known for its
specifications. It has a built in WiFi and
Bluetooth module and also supports
communication through various protocols i.e.
UART, SPI, 12C, MQTT etc. It features 34
physical GPIO pins which can be used to
collect and communicate digital and analog
data.

3384309070
~BNIRNERERERRAA

WRREVFRERRNART
3332332

Figure 2.2b ESP-32

12
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2.2 Flow Chart
Figure 2.3 shows the complete flow chart of the project. The details are discussed below.

o red
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/ data on
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Figure 2.3: Flow Chart of the project
The details of this flow chart are provided further in this section
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2.3 Software Implementation

Convolutional Neural Network (CNN) Implementation:

Dataset Preparation:

In order to implement the neural network we started with creating a dataset for the detection of
fire. We gathered data belonging to two classes, one which contained images of fire and the other
one containing images of the surroundings under normal conditions. Once we were done with
this we moved on to the creation of the dataset that would distinguish between the types of fire.
For that we gathered data belonging to 5 classes which are the actual classes of fire namely class
A, class B, class C, class D and class K.

Data Augmentation:

We did data augmentation to artificially increase the size and diversity of a training dataset by
applying various transformations to the existing data. Following are the transformations that we
applied for our project.

training datagenerator = ImageDataGenerator(rescale = 1./255, horizontal flip e,

vertical flip = True, shear_range = 9.2,
zoom_range = ©.2, width_shift range = 8.2,
height_shift_range = .2, validation_split = ©.1)

Splitting the data:

In order to check how well the neural network is created we divided our dataset into two
portions. One of the portions containing 90% of the data was used for training the model while a
smaller portion i.e. 10% of the data was used for validation of the model generated.

Neural Network creation:

We then proceeded with creating the neural network which had an input layer followed by 3
hidden layers having a ReLLU (Rectified Linear Unit) as their activation function. After this, we
used a flatten layer and then an FC (fully connected layer) before an output layer. A detailed
summary of the model is given below.

14
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Model: "sequential”
Layer (type) Output Shape Param #
conv2d (Conv2D) (None, 256, 256, 32)

max_pooling2d (MaxPooling2D (None, 128, 128, 32)
)

conv2d_1 (Conv2D) (None, 128, 128, 32)

max_pooling2d_1 (MaxPooling (None, 64, 64, 32)
2D)

conv2d_2 (Conv2D) (None, 64, 64, 32)

max_pooling2d 2 (MaxPooling (None, 32, 32, 32)
2D)

flatten (Flatten) (None, 32768) )

dense (Dense) (None, 128) 4194432
dense_1 (Dense)
Total params: 4,213,953

Trainable params: 4,213,953
Non-trainable params: @

Figure 2.4: CNN Layers

Fit Generation:

To generate the fit we used Adam optimizer which is an optimized form of gradient descent. It
prevents the model from crawling across local minima and it also prevents zigzagging which are
both responsible for poor performance. The cost function used here is binary cross entropy
since we had two classes of data for the initial detection of fire. After this, the model fit is
generated.

15
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cnn.compile({optimizer = "Adam", 55 ‘bine cros ', metrics = ['ace

history = cnn.fit(train, validation data = validation hs = 1, steps_per epoch = train.samples//batch size,
validation steps = validation.sampl batch_size, callbacks = [ch

Similarly a fit was generated for the 5 classes of fire too using the same neural network
architecture and the weights of both fits were saved into .h5 files which could later be loaded
anywhere to make predictions using the model.

Overfitting and Underfitting Check:
Following is the plot which shows the training set accuracy and optimization as well as the
validation set accuracy and optimization for every epoch when the fit is generated for 10 epochs.

1.0 -
0.8 -
0.6 -
0.4 -
- loss
——— accuracy
0.2 — val_accuracy
0 2 - 6 8

Figure 2.5: Training and validation accuracies
We can clearly see that when the accuracy is high the optimization is low and vice versa which
shows that there is no overfitting or underfitting in the fit generated by the convolutional neural
network because it is established already that high optimization and high accuracy result in
model overfitting and low accuracy and low optimization result in an under fitted model.

16
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Local Server Implementation

In order to get images from the ESPCAM we made it a client and then implemented a local
server with the help of socket programming. We started with creating a TCP socket so that none
of the images sent by the client would be lost due to the reliable connection and all the
predictions made at the local server will be sent back to the client too.

Client Configuration
Client side configuration of the socket will be explained here while the camera interfacing will be
explained in the hardware implementation section of this chapter.

No fire }7

Case:\ Yes

- » Start ) —

Connect to Wi-Fi

P Case: Yes
) S value=1 ™ Class A
v >
No
Bind to Server
- # 2 Class B }—
] /
) ) e —— / Upload /
/ Send Data to the XK Ho Decision to /
/ server ) the Databse/

.
# Case%\'_es’ o J/
<_value = 3/ Class C }—

Wait for -
Acknowledgment No §

'

1
teceive int decision
.’f from server

L J

Figure 2.6 Flow chart of Client Configuration.
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Code explanation

1. initially we will include the libraries
#include "esp camera.h”

#include <WiFi.h>»
2. Connect the client with the required server information
if (!lclient.connected())

if (!client.connect(server_ip, server_port))
//Serial.println("Connection to server failed");
return;

¥

//Serial.println("Connacted to server”);

delay(lgee);
return;

}

3. To send the data to the server we use the following line of code
client.write(data, fb-»len);

4. To receive the data we will use the function getResponse. this response is the
classification result of the image we sent
int receiveInt({WiFiClient& client) {
String data;
while (client.available())} {
char ¢ = client.read();

i (c == "\n') {

break;

}

data += ¢}

}

return data.toInt();

¥

5. This data is then uploaded to the AWS server (Explained in the next section of the
chapter)
void publishMessage()
{

StaticlsonDocument<28@> doc;

doc["Dev_Name"] = Dev_Name;
doc["class™] = classes;

char jsonBuffer[512];
serializelson(doc, jsonBuffer); // print to client

client.publish{AWS_IOT_PUBLISH TOPIC, jsonBuffer);

One thing to be noted is that ESP-CAM and ESP32 are both created as separate [oT “Things”
and the data will be stored in separate tables of the same database.

18
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Server Configuration

1.

Importing dependencies
import io

import socket

import threading
import time

import numpy as np
from PIL import Image

a. 1o is used to create a stream for converting image bytes into a PIL Image object.

b. socket is used to create a socket, bind it to a specific address and port, listen for
incoming connections, and handle client connections.

c. threading handles each client connection in a separate thread, allowing concurrent
execution of multiple client requests.

d. time This library provides functions for working with time-related operations.

e. numpy provides support for multi-dimensional arrays and various mathematical
operations on arrays

f. PIL (Python Imaging Library) is used for handling and manipulating images. In
the code,

2. Then we create a socket for TCP communication, open it for any device in the network to

connect with it, and listen to 5 devices at once
serv = socket.socket(socket.AF INET, socket.SOCK STRERM)

serv.bind{{'0.0.0.C , port))
serv.listen(5)

As a device connects it will be sent to a separate thread for handling the client

Jwhile True:
conn, addr = serv.accept()
print ("Connected by", addr)
thread = threading.Thread(target=handle client, args=(conn, addr))
thread.start ()

Now in the thread, it will receive image and image data. Initially, information about the
image being sent is received i.e shape, height, and width. then chunks of the image are
received according to the buffer size.

19



Chapter2: Solution Design and Implementation

ldef hand;e_c;ient{conn, addr) :
array from client = bytearray()
shape = None
chunks received = 0
start = time.time ()
shape string = "'
1 while True:
data = conn.recv(BUFFER_SIZE)
] if not data or data == b'tx complete’:
break
] elif shape is None:
Shape_string += data.decode ("utf-82")
] if shape string.find('\r\n') I= -1:
width index = shape string.find('width:')
height index = shape string.find('hsight:")
width = int(shape string[width index + len('width:'): height index])
height = int(shape stringlheight index + len('height:'): 1)
shape = (width, height”
print("shape is []".format (shape))
1 else:
chunks received += 1
array_from_plient.extend(data)
conn.sendall(b'ack')
print{“:hunks_:e:eived {}. Number of bytes {}“.format{chunks_;eceived, len{array_from_plient)))
img: Image.Image = create image from bytes(array from client)
img.show ()

5. Now we will perform our deep-learning algorithm on “img” (Explained in the next
section)
6. The decision is then sent back to the client.

Model Predictions on local server
Both the models were loaded at the local server and then used to make predictions for the images
that were received at the runtime by the client. An example of this is given below.

20
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Figure 2.7 Sample testing model

Connecting Amazon Web Services(AWS) to ESP32

AWS is a cloud computing platform that offers services to developers to build and deploy
applications. AWS IoT Core is one of the services that is designed for Internet of Things
applications. it provides a secure, reliable and user-friendly platform for connecting Things (IoT
endpoints) to the AWS cloud.

Prerequisites:

1. AWS Account Set-up

2. Hardware:
a. ESP-32
b. MQ-2 Sensor

3. Downloading Dependencies
a. WiFiClientSecure.h library for secure wireless connection
b. PubSubClient.h for MQTT protocol
c. ArduinoJson.h for creating and manipulating JSON objects to send to AWS IoT

Core

d. time.h for time-related information

Setting up AWS IoT “Thing”
1. Log in to your AWS Account then from the home page click on Services->Internet of
Things-> 10T Core

7y Containers

Internet of Things

(7! Customer Enablement

| Database
FreeRTOS

Developer Tools FreeRTOS is an loT Operating System for Microcontrollers

End User Computing started with AW
laT 1-Click

Trigger AWS Lambda functions from simple devices

Front-end Web & Mobile
. connect guides you t
4 Game Development ice in about 15 minut

loT Analytics first device and watch

Collect, preprocess, store, analyze and visualize data of loT devices ages to AWS loT.
st Machine Learning
IoT Core

| Management &
=] Hanage Connect Devices to the Cloud

Governance

[53 Media Services loT Device Defender

Secure your fleet of connected loT devices

‘7 Migration & Transfer

= Metworking & Content
Delivery

lIoT Device Management

Securely Manage Fleels as Small as One Device, of as Broad as Millions of Devices

i% Quamtum Technologies 1

Figure 2.8a: Setting up IoT on AWS
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2. Creating a thing Go to Manage-> All devices-> Thing.

Test AWS IaT > Manage » Things
® Device Advisor

MOTT test client

Things (0) e
Device Location Maw An loT thing & = representation an d of your physical device in the cloud. A physical device
needs a thing record in order to wo Slol.
& || Advancedsearch || Runaggregations e Create things
Manage )
¥ All devices Q7
Things
Thing groups Name Thing type
Thing types
4 No things

Fleet rics L i
RECHA S Mo things to display in this Region

Greengrass devices
Create things
LPWAN devices

Remote actions

v

v

v

¥ Message routing

Figure 2.8b: Creating a Thing
3. Then click on create a thing. Set up a unique name for that thing. select no shadow, autogenerate
new certificates, create a policy, and then download the certificates

Setting up ESP32 as the “Thing”
1. After downloading the libraries we will create a header file called Secrets.h

#define THINGNAME "FYP_ESP32 1" // name of the thing
const char WIFI SSID[] = "®##%";

const char WIFI PASSWORD[] = "#==*";

const char AWS IOT _ENDPOINT[] = "#=%=",

// Amazon Root CA 1

static const char AWS CERT_CA[] PROGMEM = R"EOF(

YEOF";
// Device Certificate
static const char AWS _CERT_CRT[] PROGMEM = R"KEY(

YKEY";
// Device Private Key
static const char AWS_CERT_PRIVATE[] PROGMEM = R"KEY(

e Open the certificates and keys with notepad and copy paste the text

o To get AWS_IOT_ENDPOINT we can go to settings on the AWS account and copy it from
there

2. Define the topic for the MQTT protocol to send or receive data

22
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#define AWS_IOT_PUBLISH_TOPIC  "esp32/pub”
#define AWS_IOT_SUBSCRIBE_TOPIC "esp32/sub”

3. Configure NTP to get current time

const char® ntpServer = "pool.ntp.org”;
const long gmtOffset sec = 8;
const imt  daylightOffset_sec = 3688;

struct tm timeinfo;
fftime t now = time(NULL);
char timestamps[28];

4. Now we get sensor data process it and then publish it to AWS Iot Core
void publishMessage()
{

StaticlsonDocument<288> doc;

doc["Dav_Mame"] = Dev_Name;

doc["timestamps"] = timestamps;
doc["gassensorinalog”] = gassensorfnalog;
doc["Percentage"”] = smoke;

doc["intensity"] = intensity;

char jsonBuffer[512];

serializelson(doc, jsonBuffer); // print to client

client.publish{AWS _IOT PUBLISH TOPIC, jsonBuffer);
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Linking AWS IoT Core to AWS Timestream Database

We will use Timestream as a database because Timestream is purpose-built for handling
time-series data, making it an ideal choice for storing [oT sensor data that is inherently
time-based. It efficiently organizes and manages large volumes of timestamped data, allowing for
easy retrieval and analysis based on time intervals.

To link the AWS 10T core to Timestream we will use a feature called AWS IoT Core Rules

Engine

Rule actions

mo

remavs |
gassersoIAnalog Hgassensoranalog) | Remove |
Action 1
S Percantage SiPercenitage] | | remove |
mes’
v
write =
tnestamps Sitimestamps) | Remove |
Database name Info -
ntensity Sintensity} | Remove |

\oT_Sensar_FYP v I o] View [A

Create Timestream database [

Add new dimension

Table name

SersorData v | c | view 7

Create Timestream table [4 |

v o | View [3 Create now role

Figure 2.9 a) [oT Rule to connect to TImestream. b) Attributes for the Database

EEE Services Q

= Query editor i

Editor Recent Saved queries Sample queries
Database O « © Query1 F

Choose a database to guery.

ime DESC 1IMIT 1@

IJ-?-
I
1
13
0
i
[&]
o
o
s”_
(s
i
i
m
i
|
“+

loT_Sensor_FYP v

Figure 2.9 ¢) SQL Query to upload the data
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Website:

In order to represent all this data to the user in an interactive way we created a website that had
details about the product and also highlighted options to buy the product. Furthermore, for the
people who had availed the services of our product, we added a login option that redirected our
user after authentication to the page where all the data collected was presented interactively.
Following are some screenshots of the website front-end for users navigating through web
browsers and cell phones.

‘.
L

l"& BrLazeGuearn

Home

¥ BLazeGeann

About
Cantact Us
Login

By New

MINIMIZE LOSSE

MINIMIZE LOSSES FROM FIRE

Figure 2.10a: Web interface Home page Figure 2.10b: App
interface Home page

Buying Details

Initlal Payment Monthly Payment

Invalves Invalves

Figure 2.11: Login Page
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Graphical Presentation of Data:

Sensor Data

I ESP32_4 Class: none

2023-05-18 06:30:57.419000000 i
ESP32_4 Class: none: 4.42

Figure 2.12: Table displaying Sensor data and Class of fire

2.4 Hardware Implementation
Code chunk to get data from MQ?2 sensor:

The sensor detects the amount of smoke in air and gives a voltage reading accordingly at the AO
pin. This voltage reading is sampled by the ADC at the microcontroller between 0 and 5V and
thus the sampled value is taken as the measured amount of smoke when we use the function
analogRead.

Gas_analog = 4,

setup() {
Serial.begin(115200);

}

loop() {

gassensorAnalog = analogRead(Gas_analog);
Serial.println(gassensorAnalog);
delay(160);

i
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Camera Interfacing:

ESPCAM will be used as a camera to take live frames and stream them on an IP Address. To
interface the ESPCAM module we will use an FTDI Programmer. the pin configuration is as
mentioned below:

ESPCAM FTDI
GND GND
5V VCC(5V)
UOR X
uoT RX
GPIO O GND

Table 2.2: ESPCAM pin configuration

The Code will be Uploaded using Arduino IDE. Installation of ESP32 board is required. After
this go to Boards-> ESP32-> AI Thinker . Once that board is selected we can add the code and
upload.

While Uploading the Code, The IO0 pin is GND of ESPCAM while we are uploading the code.
when “Connecting....” is displayed on the Serial Monitor of Arduino IDE, press the RESET
button of ESPCAM repeatedly. Once the Code is Uploaded, remove the IO0 pin and press Reset
button. The Serial Monitor will Display an IP Address on which Video will be streamed.

FTDI Basic
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Hardware Casing:

We designed the casing for the hardware using AutoCAD 2023. The 3D diagram for the casing
alongside the 3D printed casing is shown in the figure below.

Figure 2.13a AutoCAD view of the model

Figure 2.13b Physical view of the model
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Chapter 3 Result and Recommendations

The final prototype is ready for deployment, showcasing the successful implementation of a node
equipped with a convolutional neural network (CNN) model. The CNN model was trained
meticulously on diverse datasets and optimized to achieve optimal training accuracy and minimal
validation error. The integrated smoke sensor demonstrated remarkable precision in detecting
smoke levels. Rigorous testing was conducted on different materials, including wood, paper, and
even magnesium (fire on metal), validating the node's effectiveness in fire detection across
various scenarios.

3.1. Results:

Smoke sensor readings

The ESP32 device, integrated with the MQ-2 sensor, was subjected to small smoke generated
from a matchstick to obtain the following results. The dataset comprises five key attributes: the
timestamp indicating when the data was read from the sensor, the unique device name assigned
to each device, the intensity derived from the analog value, the analog value ranging from O to
4095, representing the concentration range of the smoke detected by the sensor, and the
percentage of smoke present in the environment. These results provide valuable insights into the
smoke detection capabilities of the ESP32 and MQ-2 sensor combination.

S S e o I e Y o I e N e

Figure 2.14: Serial monitor of the ESP32
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Readings displayed on AWS IoT Core

w osp32/pub

e

"Bew, Mame™: “ESP32 37,

"timestamps": T2023-83-20 @7:@9:15",
"gassensorAnalos”: @,

"Percentage™: &,

"intensity™: "Minimal™

et

p Properties

w esp32/pub

"Dew Mame™: TESP32 27,

"timestamps™: "2023-83-29 &7:89:1%",
"gassensorAnalog”: 38,

"Percentage™: ©.732888733,

“intensity™: "Minimal”

Figure 2.15: AWS IoT Client testing
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Testing the CNN:
Here are some test images used for testing the model alongside the model predictions. The model
gave correct predictions for fire and none corresponding to the images fed to it for testing.

Bs 68ms/step % ==== === = 5 173ms/step

Figure 2.16a: Test Image of no fire Figure 2.16b: Test Image of fire

To check the accuracy of the model we went through multiple parameters including the accuracy
and optimization of the model on training and validation data as well as the overfitting and
underfitting check. Following figure shows the detailed values of these parameters:

(train, wvalidation data = wvalidation, epochs = 1, steps_per_ epoch = train.samples//batch_size,

1 5 5s5fstep - loss: @.3432 - accuracy: 8.8747 - val loss: 8.1154 - val accuracy: ©.9663
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3.2.  Project Management:

We used Trello to have a synchronization between the group members. All of the tasks to be
done for the project were placed into the backlog at the start of the project and we kept updating
their status according to the progress made regarding all of them.

Here is a screenshot of the Trello board that we created

# @Trello work v  Re Templates v Create Q Search ¢ ® QP w

*  Deep Learning Based Automated system for Detection and Classification of fire & & ™ Boardv & F = Ffilter IR_42

Product Backlog Ex ars In Progress ant Done
deNgedoeard FYP-2 Final Report Preparation FYP-2 Final Evaluation Presentation Hardware Procurement
Praparation
+ Addacard FYP-1 Defense Presentation
+ Addacard Preparation
FYP-1 Proposal Report Preparation

Interface MQ2 sensor with ESP32

Develop Blustoath cannectivity
between two ESP32

Integrate sensor code with
Bluetooth connectivity code

+ Add a card

The major communication of the project with our supervisor was done using Google Drive. We
kept uploading all of our data into google drive folders which were also created at the start of the
project and data could be accessed from them at any moment.

My Drive > Deep Learning BasedA.. ~ & B O
Folders Name 4
| Codes : . BB Documents : B Equipment : tﬂ Fire_and_smoke

B3 Presentations : B2 Readings : B3 Research :

We also prepared a gantt chart at the start of our project in order to estimate the time that we
would require to complete this project and to know whether we were committing a doable
amount of work. We remained on schedule for the tasks and any slack was utilized in the best
way possible.

Following are the Gantt charts of FYP 1 and FYP 2.
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Literature Review 9 days Thu 01/09/2: Tue 13/09/2: — All
Flow chart 2 days wed Thu 1 E Arij
Preparation 14/09/22  15/09/22
Block Diagram 2days wed Thu 1 T Aahad
Preparation 13f05/22 1s/03/22 |
Gantt Chart 2days wed Thu 1 T Subata
Preparation 18/09/22 15/09/22
Project proposal 5days Fri 16/09/22 Thu 2,34 T— AN
repart 22/09/12
Procurement of 20 days Fri 23/09/22 Thu 5 [
hardware 20/10/22 |
Interfacing esp 32 10 days Fri21/10/22 Thu & eesss—— Aahad
with smioke sensor 03f11/22
Developing 10 days Fri04/11/22 Thu 7 I—Aahad.
Bluetooth 17/11/22
Connectivity |
Interfacing esp32 20 days Fri 21/10/22 Thu 6 - Arij
camera 17/11/22 |
Training computer 15 days Fri 21/10/22 Thu 6 F— Subata
vision model 10/11/22
Test model an adays Fri11/131/23 wWed 10 Subata-
dummy data 16/11/22
Integrating model 15 days Thu wed 11 —— Ari].Subata
with @sp32 cam 17/11/22 o07/12/22
Presantation 5 days Thu Wed 1193 s Aahad
Preparation 01/12/22 orf13/12
k Name - Duration = Star - Finigh ~ Prad
Dataset preparation 10 days Mon 23/01/3 Fri 03/02/23 © Subata
Database creation 15 days Mon 06/02/3 Fri 24/02/23 1 b’ + Subata
MLmodel training 20 days Mon 23/01/Z Fri 17/02/23 —Aahad
Uploading dataon 10 days Mon Frioafoaf2a Arij
AWS 230123
Socket programming 15 days Mon 06/02/7 Fri 24/02/23 4 b J-Arij
Ulf ux design 7days Mon 20/02/7 Tue 28/02/2: 3 Ty Aahad
web app aw0days  Mon Frio7/oa/23 25 K Arij, Subata
development 27/02/23
- *
Slides Preparation  5days Wed 0103/ Tue 07/03/2: 6 I :._.:ﬁ.ahad
Poster preparation 5 days Wed 0B/03/: Tue 14/03/2; B B - All
Hardware prototype 10 days Wed 15/03/ Tue 28/03/2: 9 B & Ashad
-
Hardware prototype 5days Wed Tue 10 E
Implementation 29/03/23  04/08f23
Final Integration and 15 days Wed Tue 1 & w All
testing 05/08/23  25/04/23 |
x
Final Evaluation 5 days Wed Tue 12 + Aahad
slides Preparation 26/04/23 02/05/23 |
Final Report 8 days Wed Fri12/05/23 13 All
Preparation 03/05/23

3.3 Budget

The budget of this project is mentioned below according to the recent prices.

Requirement IC Name Quantity Price/Unit (Rs) Cost (Rs)
Microcontroller ~ ESP32 2 1050 2100
Camera 0V2640 2 1400 2800
Smoke Sensor MQ-2 2 300 600
Adaptor - 2 500 1000

Total Cost of all nodes (Rs): 6500

Delivery Charges 1000
Cost without Overhead (Rs): 7500
Overhead (10%) (Rs): 750

Total Cost (Rs) 8250/-
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3.4 Conclusions

BlazeGaurd is an innovative IoT and Deep Learning-based solution designed to address the
limitations of traditional smoke detectors in detecting fires early. By leveraging advanced
technologies, BlazeGaurd offers an economical and feature-rich solution for enhanced fire
detection. One crucial aspect of fire management is determining the class of fire to effectively
extinguish it. Our solution is capable of detecting and classifying the type of fire, providing this
critical information to the relevant authorities through a user-friendly web application. With
BlazeGaurd, users can benefit from improved fire detection accuracy and timely response,
ultimately enhancing safety and minimizing potential damages caused by fires.

3.5 Recommendations / Future Work
While the BlazeGaurd system has reached a significant milestone in its development and
showcases promising capabilities for early fire detection, there are several areas where further
enhancements and expansions can be pursued.

Integration with the current extinguishing system

An important avenue to explore is the integration of the BlazeGaurd system with existing fire
extinguishing systems or building management systems. By establishing seamless
interoperability between the BlazeGaurd system and these systems, it becomes possible to
enhance the response to fire incidents. Efforts can be focused on developing protocols and
mechanisms that enable the BlazeGaurd system to trigger automatic fire suppression actions
based on the detected fire class and severity. This integration would significantly improve the
efficiency and effectiveness of fire control measures, enabling swift and targeted responses to
mitigate potential risks.

Mobile Application for Real-Time Alerts

Due to time constraints and limited expertise in application development, the implementation of
a dedicated mobile application for real-time fire alerts was not feasible within the scope of the
project. However, as a future recommendation, it is highly recommended to develop a mobile
application that allows users to receive timely fire alerts and notifications directly on their
smartphones. By implementing push notifications, users can be promptly informed about the
presence of a fire, its class, and recommended actions to take.

Emergency Response System

Integrating the BlazeGaurd system with emergency response systems, such as fire departments or
emergency services, is a crucial future consideration. By establishing connections with these
systems, the project can enable the automatic transmission of fire alerts, precise location details,
and essential sensor data to emergency responders in real-time.
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Chapter 4 Societal Impacts

4.1 Sustainable Development Goals

The system is mapped onto 3 sustainable development goals provided by the United Nations.
These include goal 3: good health and well-being, goal 8: decent work and economic growth and
goal 9: industry, innovation and infrastructure. Goal 3 linked to the early-detection feature of the
system. The earlier the fire is detected, the lesser damage is perceived leaving no or less impact
on human health due to CO and CO2 released. Goal 8 is achieved by making our system
cost-friendly. With the growing inflation in our country, this project is relatively economical and
affordable for all businesses to invest in. Fire hazards and the damages caused by it are a major
problem if not controlled in time. This is where we find the opportunity to work on goal 9 which
ensures innovation to keep industrial infrastructures intact.

4.2 Lifelong Learning

Lifelong learning refers to knowledge building of concepts that one self-teaches themselves when
there is no absolute supervision found in the area. For the same reason, these concepts usually
stick with you throughout your career. The ones that will be deployed in our project include deep
learning, cloud computing, app development and interfacing different modules and sensors.

4.3 Benefits to the society

Benefits to society are somewhat similar to working on reaching the sustainable development
goals mentioned previously. Our project is intended to promote safer workplaces for employees,
along with deriving environmental friendly methods to prevent greater losses from occurring in
fire outrages. Moreover, the system can save a big chunk of the company’s budget by investing in
efficient but less costly fire detection systems.
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Appendix-A: Project Codes

1. ESP32 CAM client code:

https://drive.ooogle.com/file/d/1 gaflwIXIwwvcVthr3KoA-1wEDmJcXmx/view ?usp=dr

ive link

'y
1
[=]1'F:

Scan QR code to go to the link

4.

2. CNN Implementation:

https://drive.google.com/file/d/ 1M 1tfisSSw8YRzBvSJIZK3zBFXhGG1vAJ/view 2usp=dr
ive link

Scan QR code to go to the link
3. Local Server code:

https://drive.google.com/file/d/15norCFikBPkY zoJIPFOLHaeFXL7rhFgS/view 2usp=driv
e link

[=]7

Scan QR code to go to the link

4. ESP32 code:
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https://drive.google.com/file/d/1_gafJw9XIwwvcVthr3KoA-1wEDmJcXmx/view?usp=drive_link
https://drive.google.com/file/d/1_gafJw9XIwwvcVthr3KoA-1wEDmJcXmx/view?usp=drive_link
https://drive.google.com/file/d/1M1tfjsS5w8YRzBvSJIZK3zBFXhGG1vAJ/view?usp=drive_link
https://drive.google.com/file/d/1M1tfjsS5w8YRzBvSJIZK3zBFXhGG1vAJ/view?usp=drive_link
https://drive.google.com/file/d/15norCFikBPkYzoJlPFQLHaeFXL7rhFgS/view?usp=drive_link
https://drive.google.com/file/d/15norCFikBPkYzoJlPFQLHaeFXL7rhFgS/view?usp=drive_link

Chapter 4: Societal Impacts

https://drive.google.com/file/d/IMwGEruWPvw_HESHGkzI 25al iM3t-pxGK/view ?us
=drive link

Scan QR code to go to the link
5. Website frontend code:

https://drive.google.com/drive/folders/1 TH-1Jvh7dtwPES5 38aFmva0igzUUJ 3m?usp=dri
ve link

Scan QR code to go to the link
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https://drive.google.com/file/d/1MwGEruWPvw_HE5HGkzL25aLiM3t-pxGK/view?usp=drive_link
https://drive.google.com/file/d/1MwGEruWPvw_HE5HGkzL25aLiM3t-pxGK/view?usp=drive_link
https://drive.google.com/drive/folders/1TH-IJyh7dtwPF5_38qFmya0igzUUJ_3m?usp=drive_link
https://drive.google.com/drive/folders/1TH-IJyh7dtwPF5_38qFmya0igzUUJ_3m?usp=drive_link
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